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CONCEPTUAL APPROACHES TO THE IMPACT OF
ARTIFICIAL INTELLIGENCE ON THE AUDIT OF STATE
ASSETS

Abstract: In order to understand the impact of digital and artificial intelligence on auditing, it is important for
professionals to understand the forces driving the Fourth Industrial Revolution. One of these forces is the explosive
growth of data that fuels digital technology. Another force is the acceleration of the pace of change, which brings
additional complexity in managing trust in an environment that is becoming increasingly insecure. For example,
cyberattacks are becoming more complex and large-scale. Social media also creates new risks.

In the field of auditing, first of all we need to understand the ongoing transformations, the types of risks and
controls that need to be audited. On the other hand, these trends also open up new opportunities for accounting and
auditing professionals.

There is an active platform for audit professionals to understand these changes. For example, two years ago, an
Ernst & Young survey showed that 74% of executives said they had no strategic plans for artificial intelligence. A
year later, exactly the same survey results showed that 73% of managers are already ready to implement artificial
intelligence (Al) or plan to implement it in the next 2 years. The second statistic provided by the World Economic
Forum shows that 30% of every corporate audit will be performed by artificial intelligence by 2025. Finally, the
OECD has counted more than 200 ongoing public sector audit blockchain initiatives in 46 countries.

The research is based on a combination of dialectical, system-structural and comparative approach to the study of
the studied socio-economic phenomena. Artificial intelligence methods can be used to perform complex fundamental
analysis, including the use of text analysis, and to optimize asset allocation in financial portfolios.

They show the importance of being prepared for this changing environment. To deal with these challenges, audit
and finance professionals need to understand (i) how “what” they have to analyse is changing, (ii) the new risks that
are emerging, (iii) the new opportunities offered by these disruptive technologies.

Keywords: Artificial intelligence, audit, accounting, state assets, digital technologies, crypto assets, blockchains.

B Introduction

Typical examples of «what» is changing are the amounts of data we need for a process exponentially
increasing to the level of information overload. Another example is the growing use of social media
by employees and customers, which can lead to information leakage or reputational damage. Finally,
accounting and auditing professionals should learn how to work with new types of asset classes, such as
crypto assets and cryptocurrencies, for which they were not used in the past.

The introduction of artificial intelligence also involves new risks. According to the Gartner ClIO Agenda
2018 Study, 85% of Al projects by 2020 results due to bias in data, algorithms, or development teams. We
should not overestimate the capabilities of Al and remember that the quality of the data used is the most
important. There are also risks associated with legal issues and liability.
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It is also important to understand how financial professionals can benefit from the introduction of
these breakthrough technologies. Analytics can help improve audit quality by enabling auditors to analyze
large volumes of audit-relevant data to gain insight and a deeper understanding of financial closure and
business transactions.

The relevance of the study lies in the disclosure of the value of advanced analytics, which will help
improve the ability to predict results using scenario analysis and forecasting.

The article aims to categorize the primary methodologies and trends in the evolution of auditing
practices as a result of changes in the digital economy’s technological structure. It also intends to identify
propitious domains for intelligent auditing’s advancement.

We put the main significance of this work in the fact that the broad boundaries of digital technologies
allow us to improve the organizational and methodological support of auditing activities. This can be
made a reality through an ecosystem of audit operations. Robotic systems should be the result of this
ecosystem.

In this paper, a review of the scientific literature is made, a large number of digital technologies are
considered and their potential in the audit is studied. At the same time, questions are asked for future
research.

B Literature review

The passage discusses the use of technology and artificial intelligence systems for the organization
of auditing activities and procedures. The study is based on the scientific works of foreign scientists such
as Vasarhelyi M. [1], Issa H. [2], Kokina J. [3], and others, as well as on the application of the cognitive
approach by researchers such as Pozharickaya |.M [4] and Bonner S.E. [5].

Of course, we understand the disputes among the scientific and practical environment regarding the
capabilities of the robot auditor, whether they can be trusted. What new competencies should there be in
the digital economy and the constant discussion around audit opinions regarding their reliability [6,3,4].

The impact of information technology on science and audit methodology has not been studied in
detail, as the digital technology market is constantly opening up new opportunities for the modernization
of organizational and technological support.

The passage also discusses the concepts of «cognitive technologies» and «artificial intelligence
technologies» (Al technologies), which researchers consider as synonyms [3]. Methods and algorithms
that, with the help of neural networks, computer technologies, mathematical modeling, training, training
to achieve the goals of subjects are called smart technologies [7]. Cognitive technologies include a wide
range of technologies for rationalization and formalization of intelligent systems for the generation and
functioning of knowledge, expertise, communication, and decision-making [8].

The application of Al technologies in auditing has the potential to further improve the effectiveness and
efficiency of audit procedures. Al technologies can assist in tasks such as data analysis, identification of
anomalies, and risk assessment. The use of Al technologies can also lead to more objective and consistent
audit results, reducing the potential for human biases and errors.

However, there are also concerns regarding the use of Al technologies in auditing, particularly in
relation to the trustworthiness of the results generated by these systems [9]. The lack of transparency and
explainability of Al algorithms can make it difficult for auditors to understand how the system arrived at its
conclusions, leading to questions regarding the reliability and accuracy of the results.

To address these concerns, researchers are working to develop Al technologies that are transparent
and explainable, and to establish guidelines for the use of Al in auditing. This includes the development
of standards for the design, testing, and implementation of Al systems, as well as the establishment of
frameworks for auditing the outputs of Al systems [10].

Research has explored the use of neural networks in auditing for tasks such as fraud detection [11,
12, 13], risk assessment [14, 15], business continuity using big data analysis [16, 17, 18], and analytical
procedures [19, 12, 13, 15, 16]. Studies have focused on comparing statistical models and expert systems
with neural networks and identifying new applications to enhance audit quality. Brandas C., Muntean
M., and Didraga O. proposed a technique for detecting anomalies in fraud detection based on principal
component analysis as a tool to identify elements that do not conform to a specific pattern [13].

The possibilities of digital technologies are endless and this is shown by the latest research regarding
its use in auditing. The potential is huge, as big data and data analysis are critical. We must clearly
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understand what big data is for auditing. This is both financial and non-financial reporting data, camera
data, all types of communications and communications, including social networks, blogs, and exogenous
and endogenic data [20].

Researchers such as Faye R. and Negangard E.M. discuss the use of big data analysis to investigate
all kinds of possible risks and, accordingly, the definition of fraud. Whereas, San T. and Vasarkheli M.A.
considered the use of intelligent analysis of conclusions as a type of big data for monitoring and control of
primary information. Hashimzadeh et al. we focused on predictive analytics for risk assessment [21-23].

Noonedoubtsthatthe promisingdirection of integrating artificial intelligence with auditis the introduction
of robotic systems, a kind of intelligent assistants that can use a variety of technologies to perform audit
tasks. Kokina and Davenport emphasize the importance of using artificial intelligence and neural networks
when creating an assistant robot for audit purposes [3]. This process includes the integration of artificial
intelligence technologies, expert systems and knowledge management technologies [24].

Intelligent personal assistants (IPA) for audit organizations are software packages that use reasoning
and other cognitive functions to autonomously perform a range of audit operations based on user
instructions. Li and Vasarhelyi provide a comprehensive definition of cognitive assistants for audit
purposes, which include technologies with natural language processing and interactive decision-making
support for extracting and searching relevant information, planning and risk assessment, and responding
to voice commands and questions in the most convenient form [13, 25].

The concept of «intellectual audit» as a type of activity has been explored using an informational
approach in foreign literature. The use of artificial intelligence in audit is a complex form of technologies
that improve and modernize audit processes [26]. The most important thing is that it makes it possible
to analyze and classify financial reports by risk areas, and this gives space to avoid random sampling of
reports and manual verification [27].

Despite the fact that this topic is actively studied in foreign scientific literature, in the domestic theory
and methodology of auditing, the use of artificial intelligence and digital technologies for conducting
audits are still insufficiently studied areas.

B Mmaterials and methods

The research is based on a combination of dialectical, system-structural and comparative approach
to the study of the studied socio-economic phenomena. Artificial intelligence methods can be used to
perform complex fundamental analysis, including the use of text analysis, and to optimize asset allocation
in financial portfolios.

As part of our research, we resort to a combination of several key methodological approaches:

1. Dialectical approach: We use a dialectical approach to analyze and understand the contradictions
that arise in the process of interaction between artificial intelligence and state assets. This approach helps
to identify the main trends causing changes in the audit of state assets.

2. System-structural approach: We also adhere to a system-structural approach to consider all
components of the audit system of state assets. This includes studying the interrelationships and the
impact of artificial intelligence on every element of this system, from data collection to analysis and
decision-making.

3. Comparative approach: Comparative analysis allows us to identify differences and similarities
between the use of artificial intelligence and traditional methods in the audit of state assets. This helps to
assess the advantages and limitations of the use of artificial intelligence in this area.

In the course of our research, we use a variety of research methods, including:

1. Text analysis: We use text analysis methods to process large amounts of information, including
text documents, reports, legislative acts and other data sources. This analysis makes it possible to identify
key topics and trends related to the audit of state assets and the use of artificial intelligence in this area.

2. Optimizing asset allocation: We also apply optimization methods to develop recommendations for
optimal allocation of state assets in financial portfolios. Here, artificial intelligence can be used to create
models and algorithms that help maximize profitability and minimize risks.

The general methodology of our research allows us to investigate more deeply the impact of artificial
intelligence on the audit of state assets and provide practical recommendations for its improvement and
optimization.
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B Results and discussion

Artificial intelligence is already having a profound impact on governments and society. As Al penetrates
more and more into our lives, we will often have to trust Al systems simply because of their enticing
advantages. But how do we know that the Al is doing its job properly?

The rapid development of Al makes it necessary to create a structure for independent verification of
Al systems (even as the technology develops further). The global accountability community needs tools
to evaluate this ever-changing technology, and more importantly, organizations that create, acquire and
implement Al need a framework to understand how Al systems will be evaluated.

The global company Frost & Sullivan reported that the global market for artificial intelligence technologies
exceeded $ 13 billion in 2017, and in 2022 this amount amounted to more than $ 50 billion [28]. The annual
report of Deloitte showed that the introduction of digital technologies led to an increase in the revenue
of the audit firm by 23%. In 2022, this indicator reached more than 30% [29]. Deloitte’s use of innovative
solutions, such as automation of robotic processes, risk identification and intelligent analytics, also led to
a 13% increase in revenue from the provision of risk assessment consulting services.

Although advanced processes, by which we mean smart tables extracting information from various
angles, generating and evaluating hypotheses, consolidating information and choosing solutions, are
crucial for auditing in our time [5], they do not fully use modern achievements and capabilities of artificial
intelligence technologies. As such, the proposed cognitive ecosystem of auditing activities (Fig. 1) takes
into account the interaction of Al technologies with a specific subject area.

Area 2. Decision support
Area 1. Hybrid intelligent systems in audit (business
systems (expert systems, analytlcsl, data mining, text
neural networks, machine intelligent systems, ?“313’?15» W_Eb analysis,
vision, machine learning including artificial business mt;lhgence systems,
cloud technologies, etc.) intelligence methods redictive analytics)
and models

nowledge
management
systems
(knowledge base
and auditing
rules)

cognitive
technologies

Area 3. Technology and
methodology of cognitive audit

(application of cognitive Area 4. Intelligent audit
methods and technologies in (Al audit)
audit)

Figure 1. Structure of the cognitive ecosystem of auditing activities
Source: Complied by the authors based on the literature [5].

The adoption of Al technology helps to address the issue of reducing the risk of undetected errors,
thereby enhancing the auditor’s confidence in the adequacy and relevance of the audit evidence used to
form an opinion on the reliability of financial statements. The dominant view in the scientific literature and
on the websites of the «Big Four» companies is that continuous and robotic auditing will ultimately replace
selective auditing.
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Figure 2. Al in Portfolio Management
Source: Complied by the authors based on the literature [30].

Against the background of various problems associated with traditional approaches to portfolio
optimization, artificial intelligence methods often give better estimates of profitability and covariances than
more traditional methods. Atrtificial intelligence can be used to enhance traditional portfolio optimization
systems by utilizing the estimates generated by Al algorithms. In fact, Al can be used to make asset
allocation decisions directly, resulting in more accurate portfolio construction and better performance
outcomes compared to traditional methods. With regard to fundamental analysis, Al has the potential
to greatly improve its implementation, particularly through the application of text analysis. This is widely
recognized in the scientific literature and by major financial institutions, as evidenced by numerous studies
[30, 31, 32].

Our empirical research is based on the key themes of public values, management problems and
solutions in the field of public asset management, which were identified as a result of a systematic review
of the literature. There are many stakeholders in the use of Al in government that need to be taken into
account, and their points of view differ. Among these different points of view in this study, we decided
to focus on the point of view of civil servants, since their opinion is crucial for the implementation of Al
in government. In addition, this point of view is consistent with the original formulation of the taxonomy
based on the point of view of government employees.

To understand the point of view of government employees, a preliminary national study of government
employees in the United States was conducted. The Amazon Mechanical Turk (MTurk) service was used
because of its cost-effectiveness and comparability of data collected by traditional methods [33, 34].
The survey was conducted in February 2021 and gave 566 responses. The respondents were current
employees at the local, state, and federal levels of the U.S. government. The survey included questions that
serve as a basis for quality assurance. After removing duplicates, respondents from non-governmental
organizations, and inconsistent responses to quality assurance questions, we received a final data set of
323 responses. This study is mainly based on the survey section on managing the use of Al in government.

The responses for each publicly available value, expressed as a percentage, are presented in Table 1.
Regarding decision-making as a debt-oriented public value, approximately 61% of respondents indicated
that Al has significant or transformative potential to improve the decision-making process. The majority
of respondents believed in the possibility of creating public value through the use of Al in the process
of making government decisions. With regard to public values focused on services, more than 65% of
respondents noted that the use of Al has significant or transformative potential to increase government
efficiency, and more than 77% hold the same opinion regarding efficiency. Regarding the societal value of
community-oriented accountability, almost 54% of respondents believe that the use of Al in government
leads to a significant or radical improvement in accountability.
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Table 1. Potential impacts of artificial intelligence on public values

No Improvement Transformative | Substantial and
Transformative
Combined
Decision Making 24 102 126 71 60.99%
(7.43%) (31.58%) (39.01%) (21.98%)
Effectiveness 12 100 154 57 65.3%
(3.72%) (30.96%) (47.68%) (17.65%)
Efficiency 9 63 147 104 77.7%
(2.79%) (19.75%) (45.51%) (32.20%)
Accountability 43 106 123 51 53.8%
(13.31%) (32.82%) (38.08%) (15.79%)
Source: Complied by the authors based on the literature [33].

Taken together, these results indicate a positive relationship between the use of Al in government and
its potential to improve public values. These values include duty-oriented: responsibility to citizens through
more effective government decision-making.; service-oriented: efficiency and effectiveness; and society-
oriented: accountability to society. Moreover, the results show a favorable assessment of the potential
for creating social value, with the majority of respondents indicating that each value has a significant or
transformative potential. These results provide empirical evidence on the connection and potential of the
use of Al by the government for a positive impact on public values.

As shown in Table 2, approximately 36% of respondents consider it important to involve government
officials in all processes of the Al system. Among all stages, 27% of respondents assume that the
development of the Al system is the most important stage for the participation of government officials.
Other stages are considered the most important stage for participation: setting goals (14.6%), decision-
making (15.5%) and impact assessment (7.1%). In addition, 25.7% of respondents consider the use of Al
in the government decision-making process to be the most important stage for public participation. All
of the above stages (23.8%) and the stage of development of the Al system (21.1%) are closely related to
what are considered the most important for public participation.

Table 2. Most important stage for participation

Participants/Stages Public Officials Members of the General Public

Stages Count Percentage Count Percentage
Goal Setting for Government Al use 47 14.55% 47 14.55%
Development of the Al System 87 26.93% 68 21.05%
Use of Al Systems in Government Decisions 50 15.48% 83 25.70%
Impact Assessment of Al-Enabled Decisions 23 7.12% 48 14.86%
All of the Above 116 35.91% 77 23.84%
Total 323 100% 323 100%
Source: Complied by the authors based on the literature [34].

In practice, effective management requires a comprehensive consideration of public values focused
on debt, services and society. To cope with the tendency to focus solely on efficiency and effectiveness,
it is recommended to take into account social values such as accountability, equality, honesty, fairness,
privacy and security, as suggested in the literature. In addition, a clear indication of these social values as
a guideline helps to identify the affected social values and promote them accordingly.

B Conclusion

After conducting research, the potential applications of digital technologies in auditing activities
were identified, as well as the potential for the development of Al auditing as a distinct field of scientific
knowledge.
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Thus, PRISM was developed by three employees of the Information Technology Department of the VOA
of the Philippines. The PRISM mobile application allows citizens to participate in the audit of infrastructure
projects by exchanging data and images that are sent to the visual and analytical panel of the PRISM
portal. The idea of PRISM will promote accountability and transparency through the collection of audit-
related data for analytical reports and visualization.

The participants of the GAO discussion group noted that the pandemic has opened up new opportunities
for the HEA, for example, the opportunity to demonstrate its importance in ensuring the stability of public
systems and the audit of public assets and recommended:

+ Develop clear guidelines for the audit of public assets;

« Clarify the responsibilities of central and local authorities;

* Develop a readiness plan for all sectors of the economy and public services;

+ Pay more attention to digitalization and remote audit.

In summary, the study reveals several key findings. Firstly, there are suitable theoretical, methodological,
scientific, and technical conditions for the adoption of digital technologies in the auditing field. Major
players in the industry, such as the «Big Four» companies, are already implementing Al technologies that
can enhance various audit procedures and establish a comprehensive cognitive ecosystem of auditing
activities.

Secondly, Al technologies combined with big data analysis methods are reshaping the methodology
of auditing and expanding the range of consulting services. The construction of theory and methodology
leads to the creation of any new related fields of scientific knowledge. These include advanced, smart
audit and artificial intelligence audit, which are promising for future research.

Thirdly, digitalization can certainly improve the quality of audit services. The transition from a selective
approach to a circular audit, allowing you to speed up the processing of paper and electronic sources of
information and automate manual tasks such as reconciliation and confirmation.

Finally, it is crucial to recognize the risks of Al systems, including potential biases and subjectivity,
as they rely on the intelligence and beliefs of individuals who conduct robot training. To maintain the
confidence of auditors’ opinions, Al systems must prioritize fairness, honesty, and professionalism in their
development.
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Anoamna. Canovlx dcane dcacanobl uUHMeNIeKmmiy ayoumke acepin myciny ywin xocinkounap ywin Topminwi onep-
KaCINMIK pegonoyuarbl Ko32ayutbl Kyumepoi myciny manuizosl. Ocvl Kyuimepoiy Oipi-yupivlk mexHoio2usnsl Kyueumemin
Oepexmepoiy ocapuviazbius ocyi. Taevl OIp Kywi-Oyn aKenemin e32epicmepoil KAPKbIHbIH JHcedenoeny KOpuagaH Opmaoddebl
ceHiMOI backapyoazel KOcbiMula Kypoeninik bapear caiivin ceHimciz. Moicanvl, Kubepuiadywvlioap 6apan cavivbli Kypoeii dHcate
aykeimObl bona mycyoe. Oneymemmix Meoua 0a dcaya mayexenoepoi myovipaoui.

Ayoum canacvinoa, ey andvimen, 0i3 OOIBIN HcamKaH o3eepicmepoi, mayekeioepoiy mypiepin dcaHe mekcepyoi Kaxcem
ememin OAKbLIAY KYPAL0apvlH Mycinyimiz Kkepex. EKiHwi dcagblHaH, Oy meHOeHyusiap 0yxeaimepiik ecen jiane ayoum md-
MAHOAPbL YWIH HCAHa MYMKIHOIKMep auiaobl.

Ne3 (60) 2023 | 53



CENTER FOR

TEOPUSl U METOZ0J10r U ESEP i

Ayoum mamanoapel yuwin 6yn ezeepicmepoi mycinyoiy bencendi niamegopmacst 6ap. Meicanet, exi sicoin 6ypoin Ernst &
Young cayarnamacel meinaner kepcemmi: oacwvinapoviy 74% oicacandvl unmenniekmre KamoiCmvl CIMpameusiivli JIcocnap-
Aapul JHCoK, ekeHin aummul. Bip oicvinoan Ketiin 0an ocbinoau cayarnama Hamudicenepi bacuivliapoviy 73% - bl dHcacanobl uH-
mennekm (Al) enzizyee Oauibli ekeHiH Hemece andagvl 2 HCvlida eHeizyoi HCoCnapian omvlpanvii Kepcemmi. [yHuexcysinik
IKOHOMUKANBIK, popym ycwbinean exinui cmamucmuxa 30% 20235 ocvinza Kapail apoip Kopnopamusmix ayOummi #cacanobl UH-
mejiekm ocypeizeminin kepcemeoi. Axvipvinoa, IBIIY 46 enoeei memnexkemmix cekmopObiy ayOumopvlk O10KuelHi 6otbiHuLd
200-0en acmam agvimoazvl 6acmamanaposbl CaHaobl.

3epmmey sepmmenemin aneymMemmik-93KOHOMUKANBIK KYObLIICMApObL 3epmmeyoily OUaiIeKMUKAbIK, HCYUeNiK-KYPblabIM-
ObIK JHCIHE CANbICIbIPMATILL MACIIOEPIHIY HCUBIHMbBIbIHA Heziz0enzeH. Kacanovl unmeniekm adicmepin Kypoeni ipeeni ma-
0ayovl OpbIHOAY YUliH, COHbIH [WiHOe MIMIHOIK MAN0AyObl KONOAHY HCIHE KAPAHCbl NOPMEDONUOCLIHOAbL akmusmepoi 061y0i
OHMAUNAHOBIPY YIIH NAUOANAHY2A 60NA0bL.

Onap ocvl e32epemin opmaza 0aiivih 601y Obll MAHBI30LLILIZbIH Kopcemedi. Ocbl KUbIHOLIKMAPObl HCEeHY YUIH AyOUm HcaHe
Kapoicel mamanoapsl (i) «He» Kanaiu e3eepemitin, (ii) naiioa bonamvin xcaya mayexkenoepoi, (iii) ocvl cepnindi mexHoI02UsIaAp
YCHIHAMbIH HCAHA MYMKIHOIKMepOi myCiHyi Kepek.

Tyiiin cozoep. Kacanowvr unmennekm, ayoum, ecen, Memiekemmix akmuemep, Yupiolk mexHoio2usaiap, Kpunmoaxkmus-
mep, OnoKuetiHoep.
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Annomayun: Ymodvl nonams iusHue yu@dposoeo u UCKYCCMEEHHO20 UHMELIEKMA HA ayOum npopeccuoHaiam 6aicHo
noHumams cuvl, osudicywue Yemsepmori undycmpuanvrou Pesomoyueil. OOHOU U3 3Mux Cuil A611emcst 63pbl6HOU POCH OaH-
HbIX, KOMOPbIL NOONUmMsieaem yugppogvle mexnono2uu. /lpyaas cuia — 3mo YCKopenue memnos usMeHenutl, Komopvle npuHOCsm
OONONHUMENbHAS COJICHOCTL 8 YAPABIEHUU 008epUeM 8 cpede, KOmopas CmaHosumcs éce bonee neyeepennviil. Hanpumep,
Kubepamaxu cmanogamcesi 6ce bonee cnoxicuvimu u macumadnvimu. Coyuanonoe CMH makaice coz0arom Hosble pUcKu.

B obracmu ayouma, 6 nepgyro ouepedsb Mol 00NHCHBL NOHSMb NPOUCX00UUE NPEOOPAZ0BAHUS, MUNBL PUCKOS U CPEOCME KOH-
mpoisi, Komopwvie HeoOx00umo ayouposams. C Opyeou CMopoHbl, Smiu MEeHOCHYUU MAKICE OMKPbIBAION HOBbLE 603MONCHOCMU
0J1s1 npogheccuonanog 6 oonacmu yuema u ayoumd.

Jlns cneyuanucmog no ayoumy cyujecmsyem akmugnas niamegopma ois NOHuUManus smux usmenenui. Hanpumep, déa 2ooa
Hazao onpoc Ernst & Young noxaszan, umo 74% pykosooumenetl 3as6us, 4mo y HUx Hem Cmpame2uiecKux niaHos 6 OMHOUWEeHUU
uckyccmeenno2o unmeniekma. 100 cnycms, mouno maxue gice pes3yibmanmul onpoca nokazanu, umo 73% pykoeooumenetl yce
20Mo6blL BHEOPUMb UCKYcCmEennblll unmeniexkm (MH) wau nianupyiom enedpums 6 onusicavuue 2 200a. Bmopas cmamucmu-
Ka, npedocmasiennas BeemupHnoim sxonomuueckum gopymom, nokaszvieaem, umo 30% x 2025 200y kaxcovlil KOpnopamueHbolii
ayoum 6yoem 6bINOMHAMbCS UCKYcemeenHbiM unmennekmom. Haxoney, OOCP nacuumana 6onee 200 mekyuwux uHuyuamus 6
obnacmu OIOKUEUHa ayouma 20CcyO0apCmeenHo2o cekmopa 6 46 cmpanax.

Hccnedosanue ocnosano na covemanuy OUALEKMULECKO20, CUCMEMHO-CIPYKIMYPHO20 U CPAGHUMENbHO20 NOOX0008 K U3Y-
YEHUTO UCCTIEDYeMbIX COYUANLHO-DKOHOMUYECKUX A6TeHUll. Memoobl UCKYCCMBEHH020 UHMENLEKMA MO2YI OblMb UCHOIb306AHb
07151 BLINOTHEHUSL CILOJCHO2O (PYHOAMEHMANLHO20 AHAU3A, BKAIOUAS UCIONIb308ANUE MEKCMOB020 AHANU3A, U O ONMUMUAYUU
pacnpeoeieHust akmueos 6 (QUHAHCOBIX NOPMPEILSX.

Onu noxaszvleaiom GANCHOCMb ObINMbL 20MOBLIM K d9MOU MeHsoujelics cpede. Imobvl cnpasumucs ¢ dmumu npobiemamu,
cneyuanucmam no ayoumy u ouHancam HeodxoouMo NOHUMAMb (i) KaK MEeHsAemcs mo, «4moy OHu OOINCHbI AHATUUPOBAMD, (ii)
BO3HUKAIOWUE HOBbIE PUCKUL, (ii]) HOBbLE BO3MONCHOCTU, NPEOOCIABISAEMble IMUMU NPOPLIEHLIMU TMEXHONOSUAMU.

Kniwouegvie cnosa: Vckyccmeennvlii unmeniekm, ayoum, ydem, 20CyOapCmMEEHHble AKMuUGbl, Yupposvle mexHoiouu,
KpURMOoAaxKmuewl, O10KUeliHbl.
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